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Introducing Serverless Spark for interactive

development

Abhishek Kashyap
Sr. Product Manager, Google
Cloud

April 8, 2022

At Google Cloud, we're committed to helping you build an open and integrated data
platform that meets your specific business needs. We believe in order to build the
world you want, you need to be able to use the tools you want, on a powerful and
unified platform.

To that end, we're making Apache Spark even more powerful on Google Cloud, and
creating a simplified experience across the platform. Data engineers, data analysts, and
data scientists like Spark for its high speed data querying, analysis, and transformation
with large data sets; but they want to use it from their interface of choice, without the
need for custom integrations. And if you've used Spark, you know someone has to
manage tuning, provisioning, and security, and make sure you're using what you pay
for. Our customers have made it clear- they want that someone to be us. They want
auto-tuned capabilities, easy provisioning, and an efficient cost basis without having to
manually reconfigure every time load fluctuates.

Earlier this year, we made Serverless Spark generally available, creating the industry’s
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https://cloud.google.com/blog/products/data-analytics/making-
serverless-spark-even-more-powerful
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SELECT
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Query complete after ©.10s: 100% || 7/7 [00:00<00:00, 1191.27query/s]
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