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Hidden Technical Debt in
Machine Learning Systems
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Figure 1: Only a small fraction of real-world ML systems is composed of the ML code, as shown

2 i } RS ! 1 #8: Hidden Technical Debt in Machine Learning Systems
by the small black box in the middle. The required surrounding infrastructure is vast and complex.



https://papers.nips.cc/paper/2015/file/86df7dcfd896fcaf2674f757a2463eba-Paper.pdf
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Hi#8: MLOps: Continuous delivery and automation
pipelines in machine learning | Google Cloud


https://cloud.google.com/architecture/mlops-continuous-delivery-and-automation-pipelines-in-machine-learning
https://cloud.google.com/architecture/mlops-continuous-delivery-and-automation-pipelines-in-machine-learning
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https://cloud.google.com/architecture/mlops-continuous-delivery-and-automation-pipelines-in-machine-learning
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